BRRWREELE “BhLFERFFH” HFENERER

AR XA Flr, #8A2 , F ,1993 F 11 A4, A AFRREKFIHEIR T 2HTAHABA:  HhEAAF
(BRD: ERF, UBE—FELRKRSCILX 9 7, HPIF>6 e 2 &, RItIF.45.444
(8D ERF, UBE—EELRSSCIIEX_ &, —AHIe_ &, ZTHEBATX B (FRRIEXZEA
23 &R | Rz OETIER (2018). & #E
HAxm | H£EE—
IR S® l
R&RMEXEE (RSE) HRIB R ER F .
: : : 1. 19—
Lidar sheds new light on plant phenomics for plant Pr:itF:)RrSa::rlrjlrer'][?l Z];d _;:;uﬁ -
breeding and management: Recent advances and g y 9.948 1/1 ’
future prospects Remote Sensing, 2021 2. N1
Sk, EFRIILHR
Separating the structural components of maize for | IEEE Transactions on RS ERCE
F+4: 2012 F£ 9 B- | field phenotyping using terrestrial lidar data and deep | Geoscience and Remote | 6.032 1/1 ExRERRE | 4EmE, &t
2016 F£6 § #rb | convolutional neural networks Sensing, 2019 & 0Im 2% 68 7. LA
R R (@LmEO |MEEBEFSS
+: 2016 £ 9 B- ) _ ) ) MEEmB 0 | Tl 2 I, &
b 85 Stem-Leaf Segmentation and Phenotypic Trait | IEEE Transactions on AN \J -
20206 5 HE . - : : . _ ) 3t 940 H.
S Extraction of Individual Maize Using Terrestrial | Geoscience and Remote | 5.786 11
PR LiDAR Data Sensing, 2018
BIBEE: 2020 £ 7 g Exitakly |SABREH |
I=Va = =8
R, mRRlA Non-destructive estimation of field maize biomass 220 W :;ijﬁim
using terrestrial lidar: An evaluation from plot level | Plant Methods, 2020 5.312 1/1 lj;’:? 948: ;,}g
to individual leaf level A
A EILFER
Deep Learning: Individual Maize Segmentation from . ®’im;, HEh%
. . Frontiers in Plant . -
Terrestrial Lidar Data Using Faster R-CNN and Science. 2018 4.855 1/1 TR EE R 5¢
Regional Growth Algorithms. ’ R4

E: LIEHAERTE 2017, 1.1 PG 2. SCT W& NFLREE —1E#E, WNZIe KR R 724y 3. &vmid i/], WEFRREE § AAKRESE 1S, KAFISLEE —EEW 1467
4. Bt LF. Ny R RS,




